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Abstract

The rapid advancement of large language models (LLMs) has opened
new possibilities for understanding users in search and recommen-
dation. While traditional behavior-based or feature-driven user
models rely primarily on explicit interactions or handcrafted rep-
resentations, LLMs introduce a fundamentally different paradigm:
LLM-powered user profiling, where user preferences, intents, and
contextual attributes can be extracted, summarized, or reasoned
about directly through natural language. This shift unlocks power-
ful new paths to achieve personalization but also raises pressing
questions related to modeling fidelity, temporal dynamics, evalua-
tion methodology, privacy, and responsible deployment. The LLM-
UP workshop aims to bring together researchers and practitioners
to systematize emerging progress in LLM-powered user profiling,
identify open challenges, and explore opportunities for integrat-
ing such techniques into search and recommendation pipelines.
The LLM-UP workshop adopts an interactive structure featuring
lightning talks, panel discussions, and paper presentations to foster
active engagement, cross-disciplinary dialogue, and community-
driven agenda setting for this rapidly evolving field.
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1 Motivation for the Workshop

Personalization has long been a core component of information re-
trieval (IR) and recommender systems (RecSys), where the primary
objective is to construct reliable user profiles that enable systems to
tailor their outputs to individual preferences. Traditional user profil-
ing strategies, built on historical interactions, engineered features,
or collaborative patterns, have supported a wide range of effective
IR and RecSys applications [1, 21]. However, these approaches often
struggle to capture underlying user intent, provide fine-grained
semantic understanding and explanation, adapt to evolving user
needs, and cope with data scarcity [10, 12]. With the rapid rise of
large language models (LLMs), a new paradigm has emerged: LLM-
powered user profiling, in which sparse behavioral traces, contextual
cues, and latent preferences can be inferred, summarized, and rea-
soned about directly from natural language and heterogeneous
signals [14, 18, 19].

The shift toward LLM-powered user profiling offers unprece-
dented opportunities for advancing personalized IR and recom-
mendation [11, 17]. Yet this emerging paradigm simultaneously
introduces a range of technical and conceptual challenges. A pri-
mary challenge lies in how to steer LLMs to construct trustwor-
thy user profiles. For example, generative inference may produce
unstable or inconsistent profiles [9]; model-driven reasoning can
embed hidden biases [22]; reliance on raw interactions may amplify
popularity-driven effect [7]; and long-term memory mechanisms
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raise questions around temporal drift, preference forgetting, and
representational validity [4]. Moreover, evaluating LLM-powered
user profiles requires new methodological thinking, as conventional
accuracy-based metrics do not fully capture subjective or contex-
tual personalization quality [15]. Finally, the adaptive alignment
and integration of user profiles with downstream models, along
with persistent concerns around fairness and privacy, continue to
pose significant open challenges [7, 19].

Despite the rapidly growing interest, research on LLM-powered
user profiling in search and recommendation remains highly frag-
mented. Work on preference extraction, LLM memory management,
personalization prompts, retrieval-generation integration, user sim-
ulation, privacy, and evaluation have made progress in the pure
NLP and generative Al community [3, 5, 20], however, they still
proceed independently with limited cross-fertilization in IR and Rec-
Sys communities. This fragmentation makes it difficult to establish
common frameworks, shared resources, or systematic comparisons,
ultimately slowing progress in an area that is becoming increasingly
central to real-world search and RecSys applications.

Given these developments, there is an urgent need for a dedi-
cated venue where researchers and practitioners can consolidate
recent advances, clarify open questions, and develop a coherent
research agenda for LLM-powered user profiling in the IR and Rec-
Sys areas. While SIGIR features strong tracks on retrieval, ranking,
and recommendation, it currently lacks a unified forum focused
specifically on the foundations, methodologies, challenges, and
opportunities of LLM-powered profiling. The LLM-UP workshop
seeks to fill this gap by fostering cross-disciplinary dialogue among
IR, RecSys, and NLP communities, encouraging the exchange of
insights across traditionally separate lines of work.

Ultimately, this workshop aims to catalyze a deeper understand-
ing of how LLMs can transform user profiling and personalization in
search and recommendation. By bringing together diverse perspec-
tives, the workshop will help establish shared principles, identify
actionable research directions, and foster a collaborative commu-
nity committed to advancing robust, responsible, and user-centric
LLM-powered profiling for next-generation IR and RecSys.

2 Theme and Purpose

The LLM-UP workshop is centered on understanding the challenges
and risks and advancing the foundations, methodologies, and ap-
plications of integrating LLM-powered user profiling in IR and
RecSys. The purpose includes: (1) To bring together researchers
and practitioners working on improving search and recommenda-
tion via LLM-powered user profiling; (2) To develop a systematic
and comprehensive understanding of emerging methods, underly-
ing principles, and key technical challenges in LLM-powered user
profiling; (3) To chart a research agenda that integrates technical
advances with considerations of reliability, fairness, and respon-
sible deployment for LLM-powered personalization search and
recommendation. To support this purpose, the LLM-UP workshop
is organized around four major themes outlined below.

Theme 1. Modeling and Representing User Profiles with
LLMs. This theme explores the design and representation of LLM-
powered user profiles, including:
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o User profile extraction, analysis, and summarization from docu-
ment content, interaction histories, contextual cues, multimodal
data, and external knowledge.

LLM-based reasoning about user needs, attributes, latent intents,
and contextual constraints, enabling richer interpretations of
user behavior and more adaptive personalization across diverse
scenarios.

Temporal and dynamic user profiling, addressing preference drift,
sequential memory updates, evolving user needs, and long-term
personalization.

Designing efficient and cost-effective user profiling methods that
can operate at scale and support large user populations in real-
world IR and recommendation settings.

Theme 2. Integrating User Profiles into Search and Recom-
mendation Pipelines. This theme investigates how LLM-powered
user profiles can be incorporated into ranking pipelines, conversa-
tional agents, and hybrid retrieval-generation systems, including:

o Representation learning for LLM-powered user profiles, align-
ment with downstream models, and integration for feature aug-
mentation.

Incorporating user profiles into LLMs through fine-tuning or
adaptation, enabling generative search, recommendation, and
personalized response generation.

Retrieval-augmented generation, using LLM-powered user pro-
files to guide personalized retrieval, relevance estimation, and
generative response synthesis.

Designing interactive and multi-agent—based system architec-
tures that leverage user profiles to enable LLMs to act on behalf
of users in refining queries and improving recommendations.

Theme 3. Evaluating the Fidelity, Quality, and Utility of LLM-
powered Profiles. LLM-powered user profiles are generative, sub-
jective, and highly context-dependent, posing unique challenges for
evaluation. This theme focuses on developing appropriate method-
ologies for assessing their reliability and effectiveness, such as:

o Profile fidelity metrics, assessing the accuracy, stability, and con-
sistency of inferred preferences, as well as the robustness of user
profiles across different contexts and model conditions.

e Task-based evaluation, measuring how user profiles enhance re-
trieval, ranking, recommendation, and conversational outcomes
in downstream IR and RecSys tasks.

Human-centered evaluation, capturing user satisfaction, per-
ceived relevance, and the quality of personalized experiences.
Dataset and benchmark development, including synthetic user
construction, controlled preference-tracking tasks, and multi-
turn evaluation settings for assessing personalization.

Theme 4. Responsible, Fair, and Privacy-Preserving User Pro-
filing. LLM-powered user profiling may amplify ethical concerns
surrounding the interpretation and use of user data. This theme
addresses critical issues related to:

e Debiasing and fairness, ensuring that user profiling methods
mitigate the encoding or amplification of sensitive attributes,
demographic stereotypes, and broader systemic inequities.

e Privacy protection and data governance, balancing the benefits
of personalization with safeguards against unintended inference
and unauthorized use of sensitive information.
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e Transparency and explainability, enabling users and practitioners
to understand how LLM-powered user profiles are constructed,
interpreted, and applied in downstream tasks.

o Safety and misuse prevention, mitigating risks associated with
hallucinated user traits, overspecification, harmful personaliza-
tion, and other unintended model behaviors.

3 Workshop Sketch

3.1 Workshop Format and Planned Interaction

LLM-UP will be an interactive hybrid half-day workshop, which
concludes with, two keynotes delivered by leading researchers and
industrial practitioners, a research paper presentation with three
to five high-quality research papers selected via rigorous review,
an interactive panel discussion, fostering an exchange of ideas and
visions for the future LLM-powered user profiling in search and
recommendation. The specific time schedule is as follows:

08:30-09:00 Welcome and Opening Remarks
09:00-09:45 Invited Keynote 1

09:45-10:30 Invited Keynote 2

10:30-10:45 Coffee Break

10:45-11:30 Penal Discussions

11:30-12:30 Paper Encore

3.2 Distinction from Main Conference Topics

While SIGIR 2026 will feature work on IR and recommendation
foundations, and possibly the application of LLMs within these
areas, our workshop focuses specifically on how LLM-powered
user profiling enables the generative inference, representation, and
evolution of user preferences and intents, which offers a new path-
way toward personalized search and recommendation. Moreover,
the workshop highlights the unique challenges introduced by LLM-
driven profiling, such as profile fidelity, temporal dynamics, privacy,
and responsible personalization, that are not commonly addressed
in the main conference tracks. By foregrounding these emerging
opportunities and risks, the workshop complements SIGIR’s core
topics and draws attention to a critical yet underexplored dimension
of next-generation personalized IR systems.

3.3 Target Audiences and Selection Process

The workshop targets a broad and interdisciplinary audience inter-
ested in advancing LLM-powered personalization for search and
recommendation, including IR/RecSys/NLP researchers working on
user modeling and generative inference, industry practitioners and
engineers building personalized search/recommendation pipelines,
and graduate students or newcomers seeking exposure to emerging
methods and open problems.

Rather than call for extra submissions, we will invite some ac-
cepted papers’ authors from the SIGIR 2026 main conference, whose
work follows our workshop’s topic, to share their thoughts, inter-
esting experiences, and best practices during their experiments.
This sharing is much more different from the main conference’s
presentation as it contains more about practical experience rather
than theoretical introduction.
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4 Organizers Information

Prof. Hongzhi Yin (attend onsite) is a Full Professor and ARC
Future Fellow at the University of Queensland. He received his Ph.D.
degree in computer science from Peking University. His research
focuses on recommender systems, data mining, and large-scale
personalization, with recent emphasis on LLM-based recommen-
dation, federated learning, and privacy-preserving user modeling.
He has published over 300 papers in top-tier venues such as SI-
GIR, KDD, WWW, ICDE, and TOIS, and so on. He has won eight
Best Paper Awards at conferences like CIKM, WSDM, and ICDE.
He has served as a main organizer for workshops and tutorials at
WWW2025/2024/2022, CIKM2021, ICDE2019, and KDD2017. He is
area chair for SIGIR2026, ACL2025, ICDM2025, and KDD2026/2025.
Dr. Wei Yuan (attend onsite) received his Ph.D. from the Univer-
sity of Queensland, where he is currently a Postdoctoral Research
Fellow. His research focuses on language models, recommender sys-
tems, conversational information retrieval, as well as many other
data-driven applications. He has published extensively in top-tier
venues such as SIGIR, KDD, WWW, ICDE, AAAI, ACL, ICDM,
WSDM, TOIS, and TKDE. He has also served as a reviewer for lead-
ing conferences such as SIGIR, KDD, WWW, WSDM, and CIKM.
Yi Zhang (attend onsite) is a Ph.D. student at Anhui University,
specializing in recommendation systems, and LLM-enhanced per-
sonalization. His work explores user modeling, generative inference,
and representation learning for recommendation. He has published
in major IR and ML venues such as SIGIR, KDD, AAAL, WWW,
TOIS, and TKDE.

Dr. Joel Mackenzie (attend onsite) is a senior lecturer and DE-
CRA Fellow at the University of Queensland, where he conducts
research in the field of information retrieval. He focuses on effi-
cient and effective representations for large-scale search engines,
including indexing, compression, and retrieval, as well as system-
oriented effectiveness measurements and user behaviour analysis.
He has been (co)chair for many conferences, including the resources
track at SIGIR2026, the short paper track at SIGIR2025, the demo
track at SIGIR 2024, and proceedings chair at CHIIR 2025/2021,
SIGIR-AP2023 and WSDM2019. He has organized the workshop
on efficient neural IR at SIGIR2023 and 2024,! and a workshop on
Agentic Al at AAAT2026.2

Prof. Quoc Viet Hung Nguyen (attend onsite) received the
PhD degree from EPFL, Switzerland. He is currently an associate
professor with Griffith University, Australia. His research focuses on
Data Augmentation and Integration, Data Quality, Recommender
Systems, and Big Data Visualization, with special emphasis on web
data and social data. He has published 200+ articles in top-tier
venues, such as SIGIR, SIGMOD, VLDB, KDD, AAAI, ICDE, IJCAI,
JVLDB, TKDE, TOIS, and TIST.

Prof. Wayne Xin Zhao (attend onsite/online) is currently a
professor at Renmin University of China. He obtained the doc-
toral degree from Peking University in July 2014. He has broad
research interests in the fields of information retrieval and natural
language processing, with 400+ published papers at top-tier confer-
ences/journals and 40000+ academic citations from Google Scholar.
He has led the development of several popular open-source tools
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such as RecBole (recommendation system library) and TextBox (text
generation library). He received ECIR 2021 Test of Time Award, Rec-
Sys 2022 Best Student Paper Runner-up, CIKM 2022 Best Resource
Paper Runner-up, and other awards.

Prof. Yong Li (attend onsite/online) is a Professor at Tsinghua
University. His research interests are in the area of artificial intel-
ligence, data science, and mobile computing. Dr. Li has served as
General Chair, TPC Chair, TPC Member for several international
workshops and conferences, and he is on the editorial board of four
international journals. His papers have total citations more than
36000+ citations.

Prof. Lina Yao (attend onsite) is Professor and ARC Future Fellow
at UNSW. Her research focuses on machine learning, data mining,
and natural language processing, with applications in LLM-based
agents, recommender systems, brain—computer interfaces, and the
Internet of Things. She has served as an Associate Editor for several
international journals and as a member of organizing committees
for international conferences.

5 Related Workshops

Recent workshops indicate strong community interest in LLMs for
IR/RecSys. GENNEXT@SIGIR2025 [2] and AgentIR@SIGIR2025 [6]
emphasize language agents, generative models, and agent-based
IR/RecSys paradigms, while GenAIRecP@KDD2025 [16] and IR-
LLM@WWW?2024 [8] broadly explore LLMs and generative Al
for IR and RecSys. LLM4Eval@SIGIR2024 [13] solely investigates
IR evaluation. Our workshop differs by explicitly framing LLM-
powered user profiling as the primary research object across both
search and recommendation, with emphasis on the full lifecycle of
profiles and profile-specific evaluation and governance. This ded-
icated focus motivates a new workshop to consolidate emerging
work, clarify best practices, and identify open research directions
for next-generation personalized search and recommender systems.
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